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LAMPIRAN

Lampiran 1: Source Code extraction features
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Lampiran 2 : Source Code K-Nearest Neighbours dengan data sampling LOO
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Load data dan file excel

pE-resd_c3v( ' Somoer Lrn ] delimiters-
ramg_flle « ‘Firal-vs
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Bagi data menjadi target dan data dari fitur

™ 31 (3LL » mpMLLE(Sl, (15, meksed)
|¥ = Spiiti].enlues. flavten] )
| eetmtix]

) |

¥ truin; :"_.ﬂ“ - ﬂﬂ:
AprLNELE_frud, X fa
A - EHEEgHEDOI

In [44]:

tap=t, .f-;

PRO PATRIA &

B td

Eh. append(4F] (dF[ Predlisl’] = [
append(d#{ (dF["Bresthei ] == - : Lt
Eh.. a-ppmd{nf[(dr{‘wmlm bESS '1 o’ 1 ya {ar{_ Actual' | == count() mean())
Hasll,updatef{'Eh" & Eh})
Heh. append (dF{ {dF] " Predllc == "'Heh’|"y & (dFActual'] == "|'Heh'|"}}.count(). mean(})
Hehi . mnd{ﬂ(dﬂ'mﬂk LUEsleh ') B (4F] ' Actual’] == "['Heh]"} ). count().mean())
CLUER]T) B (dF[Actual'] == [ Hen' )] count().meani)}
“['HER" ") & (dF[7Actual’] == "['Heh® ]*) ). countl).meant })
== "['ouh"]") & {"FI‘M?-U.-!.I‘] == "['Men® |} L. eount().mean(})

“[towh: ]"y).count( ). mean())
L fowh |73 count () .meant )y

i

1

] = '-{'nn‘;"} & {dF[ Actual’ ] ==
Outi. appehdtef[{df[‘vmulkqi Y = “{'eairh’ ") & edf-[ Actusl'] ==
Dut. append (dF{{dF[ ‘Predlksi’] == "['Eh’|"} & (df( #ctusl® ] == "['Dwh']" )] count().mean()}
Outr. append (d (dF] ‘Prediksl’] == “['Heh®|") & (0FL'Actbal'] == [ ‘Own']*) |.count () mean 1)
Dt append{ﬂf[(dﬁ['!mdikﬂ'] == "['Owh’|") & (dF[Actual'] == *[‘Own’ |7} Jicount(}.mean(})

dF2 = pﬂ.l}lt.hFr&uEm:ll.. Ldtex=] 'Net® , “Ealehi, TER' , ' Heh' b 31
print{ Hasll Akurasl Suara Tangizan Bayxl i
print{afz)
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Net = 8 IF (gF[{dF[ Actual'] == "['Nelh' ["}):count(}:imean()} == & else(dF[(dF[ Predivsi’] == "["Neh'|") & (4F["Actusl’] == "[ "Heh

akurds i append{Neh}

Eairh = @ if (0F[(dF]'Actual’'] == “['Eairh']"]].count().nean()) == & else(d$[(df[ ‘Prediksi’'] == "[‘Faleh'}") & (df]'Actual'] == |

akoras i append{Eairh)
Eh = @ iF (oFf(af] 'Actusi®] == “[*En'|*)].countl).mean()) == B else{d+[[dF] ' Predicalt] =
akui-asi append(Eh)

YERTIMY B (dF['Actuslt] == “[‘Th]")]

Heh = B Lf (af[(dF['8ctusl'] == *['Heh' |*}).count(}.mean(}y == 8 else (df[(0F['Prediksi®] == "["Heh']") & (f[ Actuel’] == "['Hef

akufasl . append(Heh}

Dwh = 8 IF (dF[{dF[ Bctual'] == " '0wh’ |7} ) :count(}imean()} == 6 else (df[(d+[ Pradiksi’] == "["0wh']") & (ef[ Actual’] == "[ Ouf

akurasi.append(Owh)
printfyn )
ulang = S
label = [TMen",“Ealrh®,TER","Hen", “Owh® ]
label Fix =[]
for 1 in ramge(ulang):
derint fokurak]f
if akurasifi] 1= @:
prist(*Akurasl “sste(labeli[i])+* = “$ilr(akurasi1]})
labal Fix append|label{i])

print{wn"}

Aprint(Label_fix)

total = (akurasl][@f+akurasi|l]sakurasi]2]+akurasi[I]+akirasi[4])/len(label_Fin)
print{ Hasll Akuracings = "+str(total)+ 3"} : S

a = &f[ Sctual’ fovalues o

b = &F| "Predlksl” |.values

printfclassification_reportf{a. b))

Lampiran 3 : Source Code K-Nearest Neighbours dengan data

Percentage Rate

Import library

In [1]: | XeEtplotllh Inlline
impart warnlngs
warnings FLITEFaamips " lgoace’)
import natplotiib.pyplol as plt
from sklearpineighbors Smport KNelghborsClassifier
From skleafn inportomstrics - :
from aklear, nodel selectlon Lapert trafn Mesl <glit
from skiearn.metrics import confusion matedin; €lasslfication_report
import nunpy 25 np
impert pandas as pd

proses load data

In [185]: | Flnal = pdoresd_csu Sunber/FEnel - civ® , delinfter="," )
nama = "Hasll/Final-Visl=86_ 3-kil._xI&®

In [186]: | split = np.split(Final, llﬁ]. Exls=1)
% = split[e]
|y =Split]1]

proses machine learning

In [187): |k = 1
Lsize=8.3
searés_1ist = ||
y_test Eist [1
y_préd_Tist
for L in range(8,158):

X_train, X _test;y_train,y test = train_test splli(x,y test sizestslse randon_state=i)
knn = KMeighborsClassifier(n_nelghbors=k)

kan FEE(X_train,y_train)

y_pred=knn.predlet(X_test)

scoresmetrlcs. steuracy_scorely test,y pred)

scores_list appendi{score)

y_test_List.append{y_test)

y_pred_list_append{y_pred)

print({"Tabel Confussion Mairix nilal random state = "+sir{l}+" dan akurasl = "+#5be(score))
print{confusion_matrix(y test, y pred, lahels=|"8eh®, “Fairh", "Ek=, "Msh®, "Dwn®]})
print{classification_report(y_test, y pred))

df = pd.DataFrane({'skurasl': scores 1ist, 'Actual®: y test 15st, 'Predikal’: y seed 13st})
0F . te_Bxcel(nana, ingex=True)
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Lampiran 4: Source Code K-Means

import Library

In [1): b Enline

hpwt]aaqdnnpd

Amport numpy &s np

hputsnﬁﬁ-nus- -

manam:luswilpmlﬂlaﬁs-
Admpart Ax

v impart 33
Frnl !Btnmmu'cms import confusion_satrix, classification _repurt
lane matplotlib.pyplot as plt
’aﬂﬂ\ isport metrics
sarn.metrics import accuraty score
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